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ABSTRACT

This study has utilised the Seemingly Unrelated Regression (SUR)
estimator method to explore the spillover effects of “technology”
and “knowledge” from foreign direct investment (FDI) on Malaysian
labour productivity. The study focus was on Malaysian medium-
low technology and low-technology industries from 2000 to 2018.
The findings showed that the presence of FDI spillovers as diffusion
channels that increased labour productivity were greater through
“technology effects” compared to “learning effects” for both types of
industries. A cross-comparison of the results on technological spillovers
between investor countries revealed that Singaporean and Japanese
multinational corporations (MNCs) contributed the most significant
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technological effects in increasing Malaysian labour productivity,
with the effects being most noticeable was in low-technology
industries. These findings seem to suggest that the spillover effects of
FDI are still concentrated in sectors with low-capacity technologies
that commensurate with the required level of workforce capability.
The negative relationship between “knowledge” spillovers and
productivity found in this study seems to illustrate that the absorptive
capacity of local workers to absorb high-skill-based technology from
MNC:s is still at a low level in both types of industries. This study
has recommended that strategies and mechanisms should be devised
accordingly to assist MNCs in their effort to improve knowledge
and technology transfers, while simultaneously acknowledging the
constraints of human factors, absorptive capacity, competition for
resources or ethical dilemmas and cultural barriers.

Keywords: Spillover effects, foreign direct investment, labour
productivity, technology spillovers, knowledge spillovers.

INTRODUCTION

In Malaysia’s progress towards developed nation status, the process
of upgrading worker skill and adapting high technology to the
manufacturing sector is also closely linked to spillover effects, either in
the form of “technology” or “knowledge” brought in by multinational
companies (MNCs). However, the effects of “knowledge” spillover
from foreign direct investment (FDI) is still widely underestimated, as
most studies still emphasize “technology” effects (Aratjo et al., 2009;
Yunus & Masron, 2020). Studies have shown that workers also have a
higher level of difficulty absorbing “adaptive knowledge” compared
to those in technical or technological fields in an industry (Giroud &
Mirza, 2006).

Thus, investigating the effects of knowledge spillover gained by
employees working in MNCs may be able to provide insights into the
viability of exploring knowledge within the Malaysian manufacturing
industry. Exploring knowledge on spillover effects as a result of the
presence of foreign companies can also give an initial overview on
how local firms can implement the appropriate mechanisms to reduce
the challenges, barriers and uncertainties of exploring domains of
knowledge that do not correspond to the level of knowledge and
absorption of the workforce, thus affecting knowledge spillover
mechanisms (Khordagui & Saleh, 2016; Yunus, 2020).
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Given the lack of research examining the impact of FDI “technology”
and “knowledge” spillovers simultaneously, this study intends to
contribute to the study ofhow FDI spillovers impact labour productivity
at the industry level from two aspects. Firstly, both effects of FDI
spillover will be discussed in this study because their benefits on labour
productivity, according to the countries that invest in the Malaysian
manufacturing industry, are still relatively poorly discussed (Yunus
& Wahob, 2021). Secondly, this study will perform an analysis of the
effects of technology and knowledge spillovers from FDI according to
Malaysian industry classifications, by separating labour productivity
function into low and medium technology industries.

To enable the analysis of both industries, the use of similar data
sets and methodologies will be applied in this study. By using this
approach, it is hoped that the study will provide important findings
on spillover effects of FDI in low-technology industries. This is
because a comparative analysis can be done rather than just focusing
on high-technology industries as in previous studies based on capital
investment, where the knowledge spillover from MNCs through the
“learning effects” may be more pronounced for high-technology
industries (e.g. electrical & electronics, chemicals, machinery &
equipment) than for medium and low-technology industries (Yunus et
al., 2015; Yunus & Wahob, 2021).

Taking into account these findings from previous studies, this study
will take a closer look at low-tech industries and determine whether it
is the occurrence of technology or knowledge spillover effects of FDI
that will increase labour productivity. This issue needs to be studied in
detail to answer a question that remains a mystery, which is whether
the FDI activity remains the same as it was in the 1990s. FDI activity
in some manufacturing sub-industries remains focused on installation
and testing, among the value-added components of lower industrial
activities and where only low-skilled workforces are employed and
involved (Yunus & Hamid, 2017; Yunus & Masron, 2020, Yunus
et al., 2015). From current statistics, it seems that this situation has
not changed, as in 2019 the number of highly skilled workers in the
manufacturing sector was still low at only 12.1 percent, while 64.6
percent was made up of medium-low skilled workers. Meanwhile, the
total stock of FDI in the country rose to RM691.6 billion as of the end
of 2019, a rise of 9.6 percent compared to RM631.2 billion in 2018
(MIDA, 2020). This situation implies that the presence of technology
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spillovers seems to have been less successful in upgrading the skill
levels of existing labour forces into a highly skilled workforce (Yunus
& Hamid, 2019; Yunus, 2020). This will ultimately affect labour
productivity'.

Therefore, this study is aimed at contributing towards a long-term
FDI policy, encouraging FDI inflows in industries that are relatively
less receptive to FDI inflows that employ mainly low-skilled workers.
More importantly, the results of this study on various inward FDI
across countries may lead Malaysia to implement different FDI
attraction policies according to the respective investor countries
in each manufacturing industry. The present study is therefore, an
attempt to answer the following main research questions:

(i) Do manufacturing industries reap real benefits from the
presence of both technology and knowledge spillovers?

(i)  Which investor countries have greater potential to contribute
both technology and knowledge spillover effects towards
higher labour productivity in both manufacturing industries?

LITERATURE REVIEW

In line with the principles of evolutionary theory, Blomstrom et al.
(2000) introduced four ways in which the impact of FDI technology
and knowledge spillovers to local firms can affect host countries, and
they are as follows:

(i)  training effects that result in the mobility of skilled and trained
staff who are working in foreign companies in local firms;

(il)) “demonstration - imitation effects” that take place through a
long network of collaborations between local firms and MNCs,
which then result in the ability of local companies to stand
out in managing their own enterprises through the process
of learning, management skills and technology assimilation
acquired through this network of collaboration;

(ii1)) “competitive effects” from domestic companies when
the competition that exists among MNCs forces domestic
competitors to increase their competitiveness in order to remain
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productive by applying high-technology production techniques;
and

(iv) through “linkage effects”, also known as the “export spillover
effects”, which provide an opportunity for domestic companies
to learn about the techniques and processes of exporting from
MNCs that operate in Malaysia.

Through the ways in which the presence of MNCs help domestic
firms become viable as mentioned above, these positive moves will
result in what is known as “spillover effects”. It is seen as a positive
spillover effect as it helps local firms increase competitiveness and
the productivity of local firms, forcing them to operate efficiently by
turning acquired knowledge into practical and commercial uses.

The positive effects of FDI spillover on the productivity of the
host country’s industry workers can generally be achieved through
management skills and techniques, technology formation and capital
on domestic companies (Liu et al., 2001). Nonetheless, it is important
to note that the FDI literature has revealed that the empirical evidence
of technology spillovers of FDI is largely limited to “technology”
effects itself, and furthermore the fact remains that the spillover
effects of technology are also still poorly studied in the developing
countries. Likewise, the majority of previous literature that also
studied technology spillover effects have only given attention to firm
productivity, yielding diverse results. For instance, a study by Castellani
and Zanfei (2003) showed that there was a positive technology spillover
effect, which was in improving performance and productivity in the
manufacturing sector in Italy, while there was a negative spillover
effect in Spanish firms, and no effect at all in French firms. Even so,
there were other studies that found no significant technology effects
that spilled over from FDI in the Turkish, Uruguayan, Moroccan and
Venezuelan manufacturing industries, nor did these effects affect the
firm’s productivity (Aslanoglu, 2000; Kokko et al., 1996; Aitken &
Harrison, 1999; Haddad & Harrison, 1993).

Current studies on labour productivity through spillover effects
from FDI are, however, found to be still poorly studied. Therefore,
this subject has still been of great interest, especially in developing
countries and are investigated using industrial-level data (Slaughter,
2002; Liu et al., 2001). Surprisingly though, this issue has received
very limited attention because the average FDI study is more interested
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in examining the effects of FDI spillovers from the angle of backward
and forward effects, their effects on employment, productivity growth,
total factor productivity and economic growth (Elia et al., 2009; Liu et
al., 2016; Yunus et al., 2015).

Similarly, the effects of knowledge spillover from MNCs and a firm’s
performance is rarely explored. Based on careful research, this study
has only found several other studies that examined the relationship
between the effect of knowledge spillovers and firm productivity.
For example, Feinberg and Majumdar (2001) examined the extent
to which the impact of knowledge spillovers from R&D activities
carried out by MNCs in local firms brought profits to domestic
companies in the Indian pharmaceutical industry during the period
1980-1994. However, it is quite disappointing to report that the R&D
activities carried out only benefit the MNCs alone. This study had
emphasized that the absence of a government R&D development
policy was a major barrier for MNCs to transfer knowledge in the
Indian pharmaceutical industry.

Osabutey et al. (2014) explored the impact of technology and
knowledge transfer to host countries in Ghana’s construction industry.
Their study showed that there were weaknesses that occurred during
the process of technology and knowledge transfer across industry sub-
sectors and between other and local companies. The study showed
that the weakness was exacerbated in the absence of government
supported technology and a coherent knowledge expansion policy. Liu
et al. (2010) investigated whether the spillover effects of innovation
from Chinese technology companies occurred for entrepreneurs
and employees in local Chinese companies. The results of the study
reported that there was an overflow of innovation that provided
a positive overflow to local companies. This positive knowledge
overflow occurred through employee mobility that benefitted both
the MNCs and local enterprises. The researchers suggested that the
involvement of entrepreneurs also succeeded in supporting innovation
activities in domestic firms. The study concluded that the overflow of
international technology and internal R&D efforts were both found to
determine innovation performance in Chinese high-technology firms.

The emperical evidence has thus far shown that the spillover effects of
FDI inflows by investors countries have been relatively concentrated
on the firm’s productivity (Zhang et al., 2010). For example, Hu
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and Jefferson (2002) investigated the impact of FDI inflows from
Hong Kong, Macau, Taiwan and the Organisation for Economic Co-
operation and Development (OECD) on the productivity and sales
levels of domestic firms in China’s electronics and textile industries.
Similar findings as reported by Aitken and Harrison (1999) showed
a significant negative impact of FDI spillovers on domestic firms in
the electronics industry, but not for the textile industry. The study
also revealed that FDI firms increased the productivity of FDI
receiving firms, but suppressed non-FDI domestic firms in the short
term. Conversely, the study also reported that the initial productivity
advantage of individual FDI receiving firms seemed to disappear in
the long run for both electronic and textile industries. These findings
indicated that the resilience of some domestic Chinese firms in facing
competition from FDI firms seemed to be the determinant in capturing
some of the technology and know-how introduced to the industry
from abroad.

Zhang et al. (2014) examined spillover effects of investors from South
Korea, Singapore, Hong Kong, the G7 nations, Macau and Taiwan
on the technical efficiency and productivity of China’s enterprises
from 1998 to 2012. The overall results showed that the technology
spillover effects of FDI from various investor countries statistically
and significantly influenced China’s productivity. They found that
the effects of technology spillovers were greater from South Korean,
Singaporean and other countries” MNCs compared to those of the
MNCs from G7, Hong Kong, Macao and Taiwan. The results also
reported that larger spillover effects were found in Eastern China
than in Western China. This study also performed a threshold effects
analysis, and the results showed that the presence of FDI from G7
nations needed the highest threshold values of marketization degree
and human capital level, while the FDI from South Korea could
maximize the improvement of technology spillover effects with the
lowest threshold values of marketization degree and human capital
level. The study concluded that provinces in China should attract
high-quality foreign investment to ensure smooth and transcending
impetus in the technical efficiency of domestic enterprises.

The literature review has clearly shown that there are still gaps in
previous studies that examine the impact of labour productivity
because of the spillover effects generated by investor countries in
host countries. For example, a study by Wang and Mu (2012) on
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41 developing countries for the period between 2005 and 2008 has
emphasized that although there is a relationship between technology
spillovers and labour productivity in developing countries, these
positive results still depend on estimation techniques and model
specifications used during the time the analysis was performed. The
data used in the above study was able to show a clear relationship
between technology overflow and workforce productivity, but when
more dynamic panel data was used in estimating the model, it failed
to show any effect of FDI overflow. The results of their analysis also
showed that the import variable acted as an effective spillover to
affect labour productivity. Liu et al. (2001) reported that the presence
of foreign companies in 41 subsectors of China’s electronics industry
provided a positive impact towards increasing employee productivity.
Their study has emphasized that in order to reap more benefits
from FDI, it is clear that local firms should also have large-capacity
technology in their own firms in order to speed up the process of
foreign technology transfer from MNCs happening rapidly.

Meanwhile in the context of Malaysia, the research by Masron et al.
(2012) studied the effects of FDI spillover from the FDI inflows in
Malaysia. They examined the possible existence of spillover effects
in each manufacturing sector in Malaysia from 1994 to 2004. Using
correlation analysis, their study aimed to look at the impact on output
on each manufacturing industry from each investor country. The
results of this analysis showed that there was a possibility of positive
and negative spillover effects on each manufacturing sector in
Malaysia. It should be noted that these findings require more support
from specific studies and methodologies since correlation analysis
essentially only examines the relationships between variables without
telling the direction of the relationship.

Regarding studies that directly examined the effects of FDI spillovers
and labour productivity, the present study has found only two relevant
researches, namely the studies by Sulaiman et al. (2016) and Yunus
and Hamid (2019). However, their analyses stand only at an aggregate
level. Sulaiman et al. (2016) investigated the impact of globalisation,
proxies by FDI, the degree of openness of the economy and foreign
labour on the Malaysian services sector. Both a random effects model
and the Generalized Method of Moments (GMM) dynamic panel
model will provide similar results, which means that the FDI has
positive effects and is significant in influencing labour productivity.
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The study thus recommends that FDI inflows should be increased,
especially for large-scale investments with a relatively cheaper cost.
The study by Yunus and Hamid (2019) explored both the effects of
technology and knowledge overflow on labour productivity in the
Malaysian manufacturing sector. They found that when both FDI spills
from the influence of “knowledge” and “technology” were considered
in examining labour productivity functions, R&D investment showed
a positive and significant effect on worker productivity. These results
indicate that FDI inflows will increase R&D and innovation activities
of the host country, thus potentially increasing labour productivity.
Knowledge spillover effects allow domestic companies to learn
and use efficient production technology, as well as management
and organisational skills. The latest study by Yunus (2021) also
examined both spillover effects by investor countries during the
period 2000-2018, but the focus of this study was done according to
the classification of labour skills. The study found that the presence
of Japanese, Singaporean and US companies could contribute to
the productivity of high- and medium-skilled workers. The study
also emphasised that an effective policy needed to be implemented
to increase the opportunities for local firms to apply technological
production techniques from FDI. Similarly, the knowledge pool
from workers working in foreign firms could be extended to workers
working in the local manufacturing sector. Therefore, to contribute
additional knowledge to the literature, the present study is an attempt
to look at the effects of FDI spillovers in terms of technology and
knowledge with respect to a country’s labour productivity and its
relation to other explanatory variables. These issues have not been
fully investigated in the medium and low technology manufacturing
sector in Malaysia.

METHODOLOGY

This section is divided into three parts. The first part discusses the
data description and scope of the study. The next part focuses on the
model specification, which explains the main variables of interest,
both the technology and knowledge spillover effects, and the control
variables used in the model. This section concludes with a discussion
on the method used in the study, namely the use of the Seemingly
Unrelated Regression (SUR) estimator, which fits the requirement of
the previously mentioned model.
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Data Description and Scope of Study

Themain datasources in this study, which was based on amanufacturing
survey on industries, came from the Department of Statistics, Malaysia
(DOSM) and the Malaysian Industry and Development Authority
(MIDA). The 2-digit industry labour productivity data was completely
provided by the Malaysian Productivity Corporation (MPC). The data
gathered from the DOSM were on total employment, production
and non-production workers, research and development (R&D)
investment and the cost of training (TRAIN). The data gathered from
the MIDA comprised two variables, namely the shares of foreign
capital investment (TECH) and the shares of local employees working
in multinational companies (EMP), which included those from Japan
(EMP ), Singapore (EMP), China (EMP,.), Taiwan (EMP,), and the
United States (EMP ). The results of the descriptive statistics for the
variables and their corresponding abbreviations, along with the unit
of analysis used in this study on the two industries classified, are as
listed in Appendix A.

To balance out the panel data between industries and variables,
this study used a sample of 10 manufacturing industries at the
2-digit industry level. The manufacturing sector is divided into two
industries, medium-low-technology and low-technology?. Medium-
low-technology industries consist of five industries, namely Rubber
(25), Manufacture of other non-metallic mineral products (26),
Basic metal (27), Manufacture of fabricated metal products except
machinery and equipment (28), and Manufacture of other non-
metallic mineral products including coke, refined petroleum products,
and nuclear fuel (23). Meanwhile, low-technology industries also
comprise five industries, namely Food and Beverage (15), Textiles
(17), Wood (20), Publishing, Paper and Printing (21), and Furniture
(36). These industries have been chosen because the overflow of
technology from the FDI is still occurring and both industries continue
to be supported by private investment. Furthermore, the regulatory
framework changes from time to time in order to attract domestic and
foreign investment, thus potentially contributing to economic growth
and labour productivity (MIDA, 2020).

The present study attempts to fill the gap in the field by focusing
on the influx of FDI from the major investor countries in Malaysia.

64



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

These countries are Japan, the United States (US), Singapore, China
and Taiwan. These countries have been selected because they have
traditionally been Malaysia’s main trading partners and part of the
Malaysian industrial process, and also continue to be among the
top contributors of FDI in Malaysia’s manufacturing industries
(Ismail, 2001). The completed FDI inflow data into the Malaysian
manufacturing sector in 2019 showed that the largest investors (with
their total investments in parenthesis) were from the People’s Republic
of China (PRC) (RM15.30 billion), followed by the US (RM14.23
billion), Singapore (RM5.61 billion), Taiwan (RM5.24 billion), and
Japan (RM3.79 billion) (MIDA, 2020).

The present study chose to study the impact of FDI spillovers between
2000 and 2018, because it had been reported that the FDI inflows
increased sharply during that period. Hence, the number of local
employees employed in MNC companies also increased, particularly
after the launch of the Eighth Malaysian Plan (2000-2006) and the
Eleventh Malaysian Plan (2016-2020)°.

Model Specification

This section will estimate the impact of FDI technology and knowledge
spillovers on labour productivity for the period 2000-2018. This study
uses the model specification by Yunus and Wahob (2021) and Liu et
al. (2001) to analyse the impact of FDI spillovers from technology
and knowledge sources, along with other relevant control variables in
influencing labour productivity. The present study contributes to the
empirical studies literature by including human capital factors, R&D,
ICT, firm size and direct domestic investments, and linking these to
the spillover effects (knowledge and technology). Both spillovers
were further dissected according to investor countries and embedded
into the model as a comparison to measure which investor countries
were the most influential towards higher labour productivity. The
SUR model for labour productivity written as a single equation in the
medium-low-technology (ML) and low-technology (LT) industries
can be expressed as Equation (1):

InLPy_InAy, + Byin (2) + ByInTECH;,; + ByInEMPyj + ByInEDU;, +
it

)

BsinTrain;;+BglnRD;s+B;InDI;;+BglnICT;;+BoInFS;; + ;1
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where: 7 is an index of the industry including, Rubber (25),
Manufacture of other non-metallic mineral products (26), Basic metal
(27), Manufacture of fabricated metal products except machinery
and equipment (28), and Manufacture of other non-metallic mineral
products including coke, refined petroleum products, and nuclear
fuel (23); low-technology industries include five industries, Food
and Beverage (15), Textiles (17), Wood (20), Publishing, Paper and
Printing (21) and Furniture (36); ¢ is the time index and j is an index of
a country’s spillovers (Japan, Unites of States, China, Singapore, and
Taiwan); LP refers to labour productivity; % is the ratio of capital to
worker or capital intensity, which is measured by gross investments in
fixed capital per worker (Corvers, 1997); TECH refers to the amount of
capital investment invested by major investor countries*; Knowledge
Effects (EMP) is measured as the number of local employees in
MNC:s by investor countries (Blonigen & Slaughter, 2001; Figini &
Gorg, 1999; Girma et al., 2001, Yunus & Wahob, 2021); other control
variables commonly considered in the literature influencing labour
productivity are EDU (level of education)’, TRAIN (cost of training
per employee in the manufacturing industry), RD (R&D investment),
DI (total investment from domestic investors), /CT (ICT investment)
(Belorgey et al., 2006) , and F'S and &t denoting firm size (industrial
sales revenue in the sub-sector divided by the number of total
industries (Ballot et al., 2001); and ¢ is an error term that captures the
productivity shocks and time varying between industries.

Estimation Method: Seemingly Unrelated Regression Estimator

In this study, SUR is the best method to be applied. SUR is a way
of estimating panel data models that are long (large 7), but not wide
(small N). In the context of long and narrow panel data as in this study’s
case, where total industries (V) = 10 is smaller than year (7) =19 (190
observations) (Zellner, 1962; 1963).¢ The SUR method provides more
efficient estimates to account for potential heterogeneity in the slopes
and accounts for cross equation dependence (Muck, 2018).

In applying the SUR method to estimate the labour productivity
function for both industries, this study has arranged the data as a time
series (not a panel), and the variables used in this study have also
been listed separately. In the basic SUR model, errors are considered
homoscedastic and linearly independent in each equation. The SUR
approach used in analysing the effect of FDI spillovers on employee
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productivity has found that the correlation of fault terms across
equations leads to better predictions of future values for the dependent
variables. The lowest standard error of the parameters estimated with
the SUR method can provide the highest estimation accuracy (Zellner,
1962, 1963).

RESULT AND DISCUSSION

This section is divided into two parts. Section I details the preliminary
test used in the study. Section II elaborates on the results, followed
by a discussion on labour productivity as an outcome of technology
spillover effects from FDI according to types of manufacturing
industries.

Preliminary Test

Before estimating the SUR model, a preliminary test was conducted,
which was a correlation matrix to ensure the normality of the series
for the analysis. Appendix B1 and B11 provide the correlation analysis
results of this study for both industriese. After taking logs between the
independent variables, the results of the correlation analysis showed a
better picture than the segregated information. The correlation value
for all variables indicated less than 0.8, proving that there was no
existing multicollinearity in the model used in this study (Gujarati &
Porter, 2012). Also, multicollinearity did not appear to be a serious
concern since the variance inflation factors (VIFs) for these variables
were below 3.0 (Hair et al., 1995).

The validity of the use of the SUR application will be determined
before the outcome of the SUR estimation is discussed. The ordinary
least square method (OLS) was performed to test the presence of
contemporaneous correlation. The contemporaneous correlation
can be understood by referring to the concept of time-specific
heterogeneity, where there is a possibility that all sectors could be
affected by the same event at the same time (Masron & Hassan, 2016).
The results presented in Appendix C also confirmed that there was
a contemporaneous correlation through the Breusch-Pagan Lagrange
Multiplier (BP-LM) test and therefore, the use of the SUR approach
has been deemed valid. However, the results presented in Appendix C
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also provided further support for the finding that most of the variables
were inconsistent with the main model and provided weak evidence
or were inconsistent with the main finding (SUR model). This study
has considered the difference in the results because of the existing
time-specific heterogeneity issues in the main model. Hence, the
application of the SUR as the main model in this study was the right
choice to estimate the labour productivity function.

Estimated Results of Labour Productivity Using Seemingly
Unrelated Regression Analysis

In this section, the estimated results of labour productivity as an
outcome of spillover effects from FDI according to manufacturing
industry classifications are discussed. The analysis of the results will
begin by evaluating the impact of technology spillovers, followed by
knowledge effects by investor countries across industry classification.
The results revealed that the technology effects from Japanese MNCs
were significant in increasing Malaysian labour productivity in
both industries. Based on the coefficient value, the findings clearly
showed that the positive technology spillovers from Japanese MNCs
only applied to low-technology industries. It means that the capital
investment from FDI facilitated the firm’s access to FDI technology,
thus positively affecting labour productivity growth in low-technology
industries. These findings clearly indicate that the spillover effects
of FDI still give priority to industries with low-capacity technology,
where it is appropriate to the level of capability and skills of the
workforce required. Nonetheless, based on the findings of the present
study, it has been suggested that there were structural patterns in
manufacturing firms where there had been a tendency for reallocation
of labour among the sectors in Malaysia, particularly where low-
skilled labour shifted from high-productivity sectors to low ones,
based on their capacity to access the technology spillovers of FDI
(Yunus & Wahob, 2021).

On the matter of knowledge spillovers, this study has found that the
Japanese MNC:s spillovers showed positive effects and only applied
to workers in medium-low industries, where their labour productivity
increased by 1.60 percent. This finding indicates that if foreign
companies actively include local workers in their full-fledged R&D
activities executed in Malaysia, the workers’ technical skills will be
continuously improved (Ismail, 2001).”
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Table 1

Result of Seemingly Unrelated Regression Analysis by Industry in the
Malaysian Manufacturing Sector, 2000-2018 (Dependent Variable=

Share of workers with diploma

holder

Share of Middle Certificate of

Education/Vocational

(MCE/MCEV) holder

Cost of Training
R&D Investment
Firm Size

Domestic Investment
ICT investment
Constant
Observations
R-squared

-0.409(0.129)%*

0.015(0.154)

0.051(0.113)
0.089(0.061)*
0.272(0.003)%**
0.068(0.064)
0.015(0.079)%**
8.903(0.039)*
95

0.761

Labour Productivity)
Model (1) Model (2)

Medium-Low Low-Technology
Independent Variables Industry Industry
Capital/labour 0.194 (0.0349)** 0.0959*(0.0598)
Technology Spillover Effects
Japan -0.006 (0.028)*  0.055 (0.025)**
United States -0.002 (0.020)*  -0.012(0.018)*
Singapore 0.031 (0.032)**  0.095*(0.049)
Taiwan -0.056 (0.039)  -0.042(0.031)
China 0.022(0.014) 0.031(0.035)
Knowledge Spillover Effects
Japan 0.016(0.036)* -0.082(0.044)*
United States -0.017(0.024)*  -0.105(0.053)***
Singapore -0.052(0.016)*  -0.027(0.055)**
Taiwan 0.033(0.042) 0.032(0.047)
China 0.027(0.035) 0.050(0.059)
Control Variables
Share of workers with degree holder 0.586(0.324)* 0.450(0.039)*

-0.435 (0.027)%**

0.161(0.135)

0.088(0.077)
0.183(0.055)%**
0.308(0.142)**
0.018(0.053)
0.011(0.053)**
9.414(0.051)***
95

0.862

Notes. All variables are transformed into natural log. Bootstrapped standard errors for
SUR in parentheses. ***p < 0.01, **p < (.05, *p <0.1.

The next main investor country studied was the United States. This
study has found that the value of the coefficient of “technology”
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and “knowledge” effect spillovers from American MNCs has the
significant effect of increasing labour productivity in both industries.
Although the relationship between the spillover effects of American
MNCs and labour productivity appears to be negative, at only less
than 0.2 percent, it does mean that there are still many unskilled
workers at various levels of production in the manufacturing sector,
and the low absorption capacity of local companies limits the ability
of workers to assimilate technological knowledge.

It is interesting to report that the results of the analysis of the
technology spillover effects from Singaporean MNCs in influencing
labour productivity have been similar to those of Japanese MNCs.
Both countries have shown technological influence in the increase
of labour productivity compared to other country’s spillovers.
Surprisingly, the high magnitude of technology transfer from the
MNCs of both countries remained greater in the low-technology
industries as indicated in Model (2) in Table 1. The results thus, imply
that the presence of both Singaporean and Japanese MNCs might
have increased skill-biased technological change and contributed to
increased productivity of about 9.5 percent and 5.5 percent through
“competition effects” and “demonstration-imitation effects”,
respectively. The coefficient value pointed to the pattern of technology
transfer appearing to be significantly more advanced in Singaporean
MNCs compared to Japanese MNCs. This discrepancy was likely
due to the differences in certain organisational and cultural aspects
between these two countries.

Meanwhile, the effects of knowledge spillover from Singaporean
MNCs were seen as similar to that found for American MNCs in both
industries. The spillover from both countries has shown statistically
negative significance in influencing labour productivity in the
medium-low industry and low-technology industry. These results are
contrary to the findings reported in Yunus and Wahab (2021), in which
it was found that both MNCs showed positive findings and were able
to improve labour skills and productivity in high-tech manufacturing
industries. Thus, a negative correlation indicates that labour
productivity growth in both industries will fall according to the value
of the coefficient. In other words, the ability of the manufacturing
sector to increase productivity or reduce bad skills is somewhat less
successful.
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Before delving into the spillover effects from Chinese and Taiwanese
MNC:s, the discussion at this point would like to highlight the negative
correlation found between spillover effects of FDI and labour
productivity. The results of this study have found that almost all
investor countries selected for this study showed negative spillovers,
either from technology or knowledge, and these only varied according
to industry classification. The possible explanations for the negative
spillover effects that occurred have been very closely related to the
ability of the host country to absorb knowledge. Previous studies have
shown support for the claim that rapid technological change in an
economy is highly dependent on the innovative and social capabilities
of the host country, along with the absorption capabilities of other
enterprises in the country (Girma & Gorg, 2005; Yunus et al., 2015).
Similarly, Awang et al. (2008) have argued that success in knowledge
transfer would depend on the ability of employees to apply acquired
knowledge, the learning environment within the organisation and the
level of willingness and openness of foreign expatriates in MNCs to
transfer knowledge to local workers. Similarly, the study revealed
that adaptive knowledge absorbed by workers was more difficult than
production systems (Giroud & Mirza, 2006).

Another possible reason for negative spillovers is the negative
competition effect from multinational companies abroad not
accommodated by positive spillovers, though this appears to be
more prevalent at the local level (Girma & Gorg, 2005). While this
explanation seems appealing, it is however, not possible to determine
the reasons for such negative spillover effects from FDI outside
the country using the current data made available in this study. The
findings in this study on the spillover effects from Chinese and
Taiwanese MNCs are surprisingly inconsistent with the findings of
Buckley et al. (2007), in which it was claimed that higher productivity
could be generated through increased foreign capital participation.
This study, however, has found that Chinese and Taiwanese MNCs
in Malaysia were statistically insignificant in influencing Malaysian
labour productivity across all industries. This result has suggested
that the technology and knowledge transferred from the MNCs of
these countries to the local firms were less successful in enhancing
skill upgrades of workers in these industries. Previous studies also
supported the finding that Chinese investment could not be less
significant in influencing productivity and employability (Auzairy et
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al., 2020; Rizvi & Nishat, 2009). In the case of Malaysia, this might
be due to the negative backward and forward spillover effects brought
about by Chinese sector investment into the manufacturing sector in
Malaysia. (Dogan et al., 2017, Yunus, 2021). Moreover, the industrial
sector has often been influenced by Chinese infrastructure projects
and contract sourcing behaviour (Abd Rahman, 2019; Corkin, 2012).

Although China is known as its largest business partner, in addition
to having dominant business operations — from the processing of raw
materials, supply chain, production to sales — it is still complicated
when it comes to the establishment of a cooperative network between
Chinese investors and local firms. As the findings in this study has
revealed, Chinese investors did not engage local workers in their
activities, thus ultimately not contributing to the upgrading of local
workers’ skills. The monitoring of the inflows of the FDI is therefore,
crucial and we believe there is a need for Malaysia to increase
the amount of local content in the global chain as the Malaysian
manufacturing sector remains heavily concentrated in backward
linkages with lower value-added contributions. In the case of China,
however, factors such as Malaysia-China relations, Malaysian
political and ethnic economic instability, China’s economic downturn,
investor motives and the geopolitics of the South China Sea might
have influenced the results found in this study (Kong, 2017; Yong
et al., 2016). Therefore, this study would like to emphasize that it
is extremely important for local authorities and business partners to
be more careful before signing a business contract with any investor
country. Lastly, as expected, the control variables included in the
SUR analysis have demonstrated the anticipated signs influencing
labour productivity for both industries. Both industries produced
similar results, which showed that the effects of the cost of training
and domestic investment from local investors have completely failed
to affect worker productivity. This study has been supported by the
findings in Yunus and Wahob (2021) and Yunus and Masron (2020),
which revealed that less focus had been given to providing training
investment to workers related to technological improvement in both
industries, as compared to high-medium industries.

CONCLUSION AND POLICY IMPLICATIONS

This study, in examining the technology and knowledge spillover
effects of MNCs in Malaysia, stands out as one of the leading studies
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in the area of FDI spillovers. Specifically, this study seeks to provide
new evidence for the role of the “technology” and “knowledge”
spillover effects in increasing labour productivity when there has
been an influx of FDI into the manufacturing industry. Both spillover
effects were studied in the major investor countries in Malaysia.

In the comparative analysis between the effects of technology and
knowledge spillovers, it was clearly shown that the Malaysian
workers in MNCs from all investor countries in the manufacturing
industry were more likely to assimilate the effects of technology
rather than the effects of knowledge. A cross-comparison of the
results on technological spillover between investor countries by
industry classification revealed that Singaporean MNCs contributed
the most significant technological effects in increasing Malaysian
labour productivity, with the effects being most noticeable in the low-
technology industries. Investment by Singaporean MNCs facilitated
low-technology industries’ access to foreign technology and led to an
increase of 9.5 percent in labour productivity.

In terms of the effect of FDI knowledge spillover, the results of the
study have been very surprising, for example there was no positive
spillover effects from all investor countries in increasing labour
productivity in both industries (except Japanese MNCs in medium-
low technology industries). Furthermore, the coefficient results
significantly indicated more negative effects found in the industry from
the presence of FDI by major investor countries in most industries.
The exit of less productive domestic companies might be the reason
for such negative impacts and low spillover effects from investors.
Thus, to avoid the phenomenon of crowding-out continuously
occurring among domestic private investors, this study would like to
suggest that Malaysia should focus on devising a strategy to develop
the competitiveness of local investors.

This study has also highlighted the finding that both technology and
knowledge spillovers from China and Taiwan FDI did not significantly
increase productivity or leave a desirable impact on Malaysia’s
economic and stock market performance. This unexpected finding
might be due to the selected data timeline of 2000-2018. This period of
data collection might not have been an accurate depiction of China’s
investment in Malaysia, as its investment only started booming in
recent years, i.e., around 2015 to 2017 (MIDA, 2018). It might also
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suggest that the model specifications and estimation techniques used
might have been highly sensitive, or less appropriate in explaining the
relationship between technological and knowledge spillover effects
and labour productivity. Therefore, it would seem appropriate that the
present study should extend its scope by using data from 2020 and
beyond in the hope of extracting the real impact of investment from
China as well as Taiwan.

Through the values of the coefficients obtained, this study has
concluded that the difference in total technology capacity and the
knowledge transferred by foreign companies to local firms between
investor countries, is highly dependent on investor motives, traded
technology transfer practices and the employee absorption capacity
of both FDI spillover effects. Thus, this study would like to suggest
that in order to increase the capacity of employee absorption, the
involvement of local managers in MNC activities would help the
process of transferring technologies to Malaysian manufacturing
industries. This study also suggests that the upgrading of skills for
Malaysians working in MNCs, particularly among skilled workers,
can be developed through the learning and training programs provided
by the MNC:s in line with the current industry’s demands, for example,
by international travel and by enabling better communication between
people involved in the project.

Lastly, this study highlights that the results of the spillover effects
of FDI could be a mix of both positive and negative effects, likely
due to the different sectors in the economy. The different results
obtained might be due to the heterogeneous and disaggregated data
used between countries or sectors (Gu et al., 2016). Hence, for future
research, this paper suggests conducting a survey to determine the
various aspects of technology and knowledge transfer, taking into
account the multidimensionality, increasing complexities and strong
knowledge-based character of technology in manufacturing firms.
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ENDNOTES

Although the productivity of the Malaysian workforce has
increased at a rate of 3-4 percent in recent years, its relative
global position and the use of highly skilled labour has not
grown. National labour productivity growth from 2018 to 2020
was only 2.9 percent. Meanwhile, globally, Malaysia’s labour
productivity was only ranked 44™ in 2016, a position that has
not changed since 2009. The relative share of highly skilled
labour still shows a declining trend, even if there was only a
one percent decrease from 19 percent in 2010 to 18 percent in
2017 (MITT, 2018).

The classification of the manufacturing industry in this study
is done according to the 2011 OECD classifications, which is
based on the intensity of R&D.

The latest data of the investigative study in the manufacturing
sector released by the statistics department has covered the
period until 2018.

Foreign capital investment (TECH) is well recognized as a
channel of spillover effects through “technology” (Bwalya,
2006; Bandick & Hansson, 2009). Foreign capital investment
is computed using the following formula:

]

J#i
Where: fijis the flow of FDI from country j towards industry 7,
and k; is the gross fixed capital formation of country ;.

The data provided by the DOS, defining workers is based upon
their level of educational attainment (University degree and
above; Diploma/HSC or equivalent; and Middle Certificate
Education/Vocational (MCE/MCEYV or equivalent).

It is important to note that before we selected the SUR as
the best method to analyse the results in this study, several
model selection tests were carried out and they included the
following: Ordinary Least Square (OLS), Generalized Method
of Moments (GMM), Random Effect, and Fixed Effect Model.
However, we could not yield the best results. It is well-known
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that ordinary least squares, which ignore the correlation
patterns across blocks, may yield inefficient estimators. For the
GMM, the condition to perform the GMM is that the number
of observations (V) must be greater than 7. As for the Random
Effect estimator, we cannot establish small sample properties.
The Ffixed-Effect model, even though it has been widely
recognised as a convenient and powerful tool for longitudinal
data analysis, there are limitations in the model. The primary
limitation is unobserved heterogeneity due to unmeasured
characteristics that vary over time. The problem is that fixed-
effects coefficients are biased in a conservative fashion when
the data are characterised by a small number of panels (Allison,
2009). In this case, the present study also found that standard
errors for fixed-effects coefficients are often larger than those
for other methods, especially when the predictor variable has
little variation over time.

In the early 1990s, Matsushita established three companies
— Matsushita Air-Conditioning R&D Center Sdn. Bhd.,
Matsushita Compressor and Motor R&D Center Sdn. Bhd.,
and Matsushita Home Appliance R&D Center Sdn. Bhd. These
establishments employed 130 employees in R&D activities, of
which only 20 were Japanese.

REFERENCES

Abd Rahman, M. A. (2019). China’s new maritime Silk Road and
its implications for Malaysia and Indonesia state autonomy.
Akademika, 89(1), 17-32.

Aitken, B. J., & Harrison, A. E. (1999). Do domestic firms benefit
from direct foreign investment? Evidence from Venezuela.
American Economic Review, 89(3), 605-618.

Allison, P.(2009). Fixed effects regression models. SAGE Publications.
https://doi.org/10.4135/9781412993869

Aratjo, B. C., Bogliacino, F., & Vivarelli, M. (2009). The role of skill
enhancing trade in Brazil: Some evidence from microdata.
Economic Research Papers, 97(10), 1-22.

Aslanoglu, E. (2000). Spillover effects of foreign direct investments
on Turkish manufacturing industry. Journal of International
Development, 12(8), 1111-1130. https://doi.org/10.1002/
jid.701

76



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

Auzairy, N. A., Kek Wai Hin, K., Pang, H. X., & Yong, L. T. (2020).
The impact of China’s  investment on Malaysia. [ranian
Journal of Management Studies, 13(1), 51-68.

Awang, A. H., Hussain, M. Y., & Abdul Malek, J. (2008). Promoting
knowledge transfer in science and technology: A case study of
Technology Park Malaysia (TPM). Croatian Economic
Survey, 11, 95-113.

Bandick, R., & Hansson, P. (2009). Inward FDI and demand for skills
in manufacturing firms in Sweden. Review of World Economics,
145(1), 111-131. https://doi.org/10.1007/s10290-009-0002-9.

Ballot, G., Fakhfakh, F., & Taymaz, E. (2001). Firms’ human capital,
R&D and performance: A study on French and swedish firms.
Labour Economics, 8(4), 443-462.

Belorgey, N., Lecat, R., & Maury, T. P. (2006). Determinants of
productivity per employee: An empirical estimation using
panel data. Economics Letters, 91(2), 153-157.

Blomstrom, M., Kokko, A., & Zejan, M. (2000). Multinational
corporations and productivity convergence in Mexico.
In Foreign Direct Investment (pp. 134-159). Palgrave
Macmillan, London.

Blonigen, B. A., & Slaughter, M. J. (2001). Foreign-affiliate activity
and U.S. skill upgrading. The Review of Economics and
Statistics, 83(2), 362-376.

Buckley, P. J., Clegg, J., & Wang, C. (2007). Is the relationship
between inward FDI and spillover effects linear? An empirical
examination of the case of China. Journal of International
Business Studies, 38, 447-459.

Bwalya, S. M. (2006). Foreign direct investment and technology
spillovers: Evidence from panel data analysis of manufacturing
firms in Zambia. Journal of Development Economics, 81(2),
514-526. https://doi.org/10.1016/j.jdeveco.2005.06.011.

Castellani, D., & Zanfei, A. (2003). Technology gaps, absorptive
capacity and the impact of inward investments on productivity of
European firms. Economics of Innovation and New Technology,
12(6), 555-576. https://doi.org/10.1080/714933761

Corkin, L. (2012). Chinese construction companies in Angola: A local
linkages perspective. Resources Policy, 37(4), 475-483.

Corvers, F. (1997). The impact of human capital on labour
productivity in manufacturing sectors of the European
Union. Applied Economics, 29(8), 975-987. https://doi.
org/10.1080/000368497326372.

77



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

Dogan, E., Wong, K. N., & Yap, M. M. (2017). Vertical and horizontal
spillovers from foreign direct investment: Evidence from
Malaysian manufacturing. Asian Economic Papers, 16(3),
158-183.

Elia, S., Mariotti, ., & Piscitello, L. (2009). The impact of outward FDI
on the home country’s labour demand and skill composition.
International Business Review, 18(4), 357-372.

Figini, P, & Gorg, H. (1999). Multinational companies and
wage inequality in the host country: The case of Ireland.
Weltwirtschaftliches Archiv, 135(4), 594-612. https://doi.
org/10.1007/BF02707386

Feinberg, S. E., & Majumdar, S. K. (2001). Technology spillovers
from foreign direct investment in the Indian pharmaceutical
industry. Journal of International Business Studies, 32(3), 421-
437. https://doi.org/10.1057/palgrave.jibs.8490975

Girma, S., Greenaway, D., & Wakelin, K. (2001). Who benefits
from foreign direct investment in the UK? Scottish Journal of
Political Economy, 48(2), 119-133.

Girma, S., & Gorg, H. (2005). Foreign direct Investment, spillovers
and absorptive capacity: Evidence from quantile regressions.
Working Papers 1248, Kiel Institute for World ~ Economics.

Giroud, A., & Mirza, H. (2006). Factors determining supply linkages
between transnational corporations and local suppliers in
ASEAN. Transnational Corporations, 15(3), 1.

Gu, J., Zhang, C., Vaz, A., & Mukwereza, L. (2016). Chinese state
capitalism? Rethinking the role of the state and business in
Chinese development cooperation in Africa. World
Development, 81, 24-34.

Gujarati, D. N., & Porter, D. C. (2012). Basic econometrics (5th ed.).
New York: McGraw-Hill Education.

Haddad, M., & Harrison, A. (1993). Are there positive spillovers from
direct foreign investment? Journal of Development Economics,
42(1), 51-74. https://doi.org/10.1016/0304-3878(93)90072-U

Hair, Joseph, F., Rolph, E. A., Ronald, L. T., & William, C. B. (1995).
Multivariate data analysis. London: Prentice Hall.

Hu, A. G. Z., & Jefferson, G. H. (2002). FDI impact and spillover:
Evidence from China’s electronic and textile industries.
The World Economy, 25(8), 1063-1076. https://doi.
org/10.1111/1467-9701.00481

Ismail, M. N. (2001). Foreign direct investments and development:
The Malaysian electronics sector. Chr. Michelsen Institute,
Norway.

78



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

Khordagui, N., & Saleh, G. (2016). Absorptive capacity factors that
mediate foreign direct investment spillovers: A sector-level
analysis from emerging economies. International Journal of
Business and Globalisation, 16(2), 188-201.

Kokko, A., Tansini, R., & Zejan, M. C. (1996). Local technological
capability and productivity spillovers from FDIin the Uruguayan
manufacturing sector. Journal of Development Studies, 32(4),
602-611. https://doi.org/10.1080/00220389608422430

Kong, T. Y. (2017). Belt and road initiative: A new impetus to
strengthen China-Malaysia relations. East Asian Policy, 9(2),
5-14.

Liu, W. S., Agbola, F. W., & Dzator, J. A. (2016). The impact of FDI
spillover effects on total factor productivity in the Chinese
electronic industry: A panel data analysis. Journal of the Asia
Pacific Economy, 21(2), 217-234.

Liu, X., Parker, D., Vaidya, K., & Wei, Y. (2001). The impact of
foreign direct investment on labour productivity in the Chinese
electronics industry. International Business Review, 10(4),
421-439. https://doi.org/10.1016/S0969-5931(01)00024-5

Liu, X., Lu, J., Filatotchev, L., Buck, T., & Wright, M. (2010). Returnee
entrepreneurs, knowledge spillovers and innovation in high-
tech firms in emerging economies. Journal of International
Business Studies, 41(7), 1183-1197. https://doi.org/10.1057/
j1bs.2009.50

Masron, T. A., & Hassan, M. K. H. (2016). US foreign direct
investment and manufacturing sector in Malaysia. Asian
Academy of Management Journal, 21(1), 89-110.

Masron, T. A., Zulkafli, A. H., & Ibrahim, H. (2012). Spillover effects
of FDI within manufacturing sector in Malaysia. Procedia
Social and Behavioral Sciences, 58, 1204-1211. http://www.
sciencedirect.com/science/article/pii/S1877042812045648

MIDA (2018). MIDA annual report: Investment performance 2018.
Malaysia: Malaysia Investment Development Authority, Kuala
Lumpur.

MIDA (2020). MIDA annual report: Investment performance 2020.
Malaysia: Malaysia Investment Development Authority, Kuala
Lumpur.

MITIL. (2018). National policy on industry 4.0. Malaysia: Ministry of
International Trade and Industry.

Muck, J. (2018). Econometrics of panel data. http://web.sgh.waw.pl

Osabutey, E. L., Williams, K., & Debrah, Y. A. (2014). The potential for
technology and knowledge transfers between foreign and local
firms: A study of the construction industry in Ghana. Journal of

World Business, 49(4), 560-571. 9



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

Rizvi, S. Z. A., & Nishat, M. (2009). The impact of foreign direct
investment on employment opportunities: Panel data analysis.
The Pakistan Development Review, 48(4), 841-851.

Slaughter, M. J. (2002). Does inward foreign direct investment
contribute to skill upgrading in developing countries? Center
for Economic Analysis Working Paper (2002-08).

Sulaiman, N., Azman, N. M., & Ismail, R. (2016). Impact of
globalization on labour productivitiy of the services sector.
Jurnal Ekonomi Malaysia, 50(2), 71-81.

Wang, Y., & Mu, B. (2012). How technology spillovers from
developed to developing countries influence labor productivity
in developings. Linnaeus University, Sweden. https:/www.
diva-portal.org/smash/get/diva2:543967/FULLTEXTO1.pdf

Yong, C. C., Yew, S. Y., Huang, X., & Chin, M. Y. (2016). The
determinants of foreign direct investment in China: A
spatial panel analysis. International Journal of Management
Studies, 23(1), 13-31.

Yunus, N. M. (2020). Determinants of foreign direct investment: An
analysis on policy variables in the Malaysian manufacturing
industry. International Journal of Asian Social Science, 10(12),
746-760.

Yunus, N. M., & Hamid, F. (2017). Changing returns to education
in the Malaysian electric & electronic sector, 2002-2007.
International Journal of Economic Research, 14(Number 16
Part 2), 295-308.

Yunus, N. M., & Hamid, F. S. (2019). Training, research and
development, and spillover effects of foreign direct investment:
A study on labour productivity in Malaysian manufacturing
industry. International Journal of Supply Chain Management,
8(3), 966-972.

Yunus, N. M., & Masron, T. A. (2020). Spillover effects of inward
foreign direct investment on labour productivity: An analysis
on skill composition in manufacturing industry. International
Journal of Asian Social Science, 10(10), 593-611.

Yunus, N. M., Said, R., & Azman-Saini, W. N. W. (2015). Spillover
effects of FDI and trade on demand for skilled labour in
Malaysian manufacturing industries. A4sian Academy of
Management Journal, 20(2), 11-27.

Yunus, N. M. (2021). Labour productivity spillovers from foreign
direct investment: Evidence from Malaysian industry level
panel data by labour skills composition. Malaysian Journal of
Social Sciences and Humanities (MJSSH), 6(6), 247-258.

80



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

Yunus, N. M, Wahob, N. A. (2021). The technology and knowledge
spillover effects of FDI on labour productivity. GATR
Journal of Business and Economics Review, 5(4), 51-58.

Zellner, A. (1962). An efficient method of estimating seemingly
unrelated regressions and tests for aggregation bias. Journal of
the American Statistical Association, 57(298), 348-368.

Zellner, A. (1963). Estimators for seemingly unrelated regression
equations: Some exact finite sample results. Journal of the
American Statistical Association, 58(304), 977-992.

Zhang, C., Guo, B., & Wang, J. (2014). The different impacts of home
countries characteristics in FDI on Chinese spillover effects:
Based on one-stage SFA. Economic Modelling, 38, 572-580.
https://doi.org/10.1016/j.econmod.2014.02.007

Zhang, Y., Li, H., Li, Y., & Zhou, L. A. (2010). FDI spillovers in an
emerging market: The role of foreign firms’ country origin
diversity and domestic firms’ absorptive capacity. Strategic
Management Journal, 31(9), 969—989. https://doi.org/10.1002/
smj.856

81



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

(penunuoo)

608°0C 9¥0°Cl 6LS'T 6EV'LI S6 9ST0C €ol'vl 1vC T STT8I 6 000.N Y JUAUISIAU] USIa104 d1odesulg "1ad
cL6’6l 6vSIT VI8 vvL 91 S6 O0Ev'IC v9S¥I LSS'T S80I 6 000N ¥ judusoAu] ugioro ueder a1
¢SL9 00000 9Tl 169v  S6  0CSL 0000 €9¢€'T €99v  S6 000 SONIAl 2S9UIYD) UI SIIOM UBISKR[EN JO 'ON  “dINA
¢S09  coLl SE8°0 TITY S6 8SE®  6L0C I€€T 9vvy  S6 (000 SONJN UBOLIOWIY Ul S13310Mm UBISKE[RIN JO ON  “"dINA
SONIN
90¥'L 609°'T OI0T 88LYv S6 6ICL 068C LT6O LLI'S S6 <000 9SOUBMIE] UI SIMIOM UBISAR[E JO ON  dINA
SONIN
9€T'8  80L'C 99I'l 66L°S S6 SEE8 €690 [TV €CE9  S6 <000 uealodesurg ur s10}10Mm UBISABRIA JO ON SN
169°L 0000 CTSTL ¥L9Y S6 €SE€L €0€C €Il 19TS €6 {000 SONIA osoueder ur s1oxI0m UBISAB[EIA JO "ON 'INE
¢e8°E  BECT ILYVO T€9C S6 9LT'Y €91'C VIS0 S06'C S6 oney noqej/[ende) ™
((suos1od 000,) yuewkordury / (uor[rg
8ELCL €IT0I 06L°0 L8TII S6 vOL'IT 8986 9v€'0 ¥SO'II  S6 oney INY) onjeA pappe) Aianonpoid moqe d1
‘A ‘A
XeN  UIN PIS  UBSN SQO  XBJN  UIN PIS  UBSIN SQO
Ansnpuj A30[0uy9)-Mm0] Ansnpuy A30[0uo9], MOT-WNIPIA ) SO[qEBLIBA JO UONIUYI(] SO[qeLIBA

§10C-000C

‘soruysnpuy A30]ouy223-MoT pun A30]ouyda] MOT-WNIPaJ Y3 Ul SOUSYDIS Avwwng puv sajqoiing fo uoniuyaq

v xipuaddy
SHOIANAIdV

N
oo



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

S0[ JeInjeu OJuI POULIOJSURI) I SI[QBLIBA [ 210N

(dao)
9ZS'TI 0809 9vET 89L'8 S6 00801 +TSL 1S90 €6v6 S6 ddeudaiad yonpoid onsatwo(y ss0IH 03 I JO oreyS LOI
SIOISQAUL
9¢€6°1T 10L9T ¥66'0 0€861 S6 €86'1C T99'81 SIL0 8CTEOCT S6  0000INA [BJ0] WO} JUSUISIAUT dISIWO(T 301 aa
sy
[©10} JO JoquInu Y} AQ POPIAIP 10393S-qns
CILPL TOL'TT 68L°0 STRTI S6 Lyvel 66011 T09°0 9LTCI S6 oney OU} JO oNUSAL SI[ES [ELNSNPU] "9ZIS ULIL{ Sd
90 vL  €L6'9 0S9'1 9966 S6 ¢€€8CI 8658 901 1€S01 S6 000N armyipuadxq @Y ad
YL Tl S6TL €€0'1 $906 S6 8¢80l o6F+'8 8790 8¥S'6  S6 000N 9aKordwod 10d Sururen Jo3s0)  NIVYL
JuowAoduwo 18303 WOI} [9A]
19SY  SLST €8€0 vOPy S6 96FF 9€8°T LOYO T9EY S6  o8euddid uonednpa AHDN/dOIN SI9310M JO aIeyS HOW
juowAo[dwo 810} WOoIJ [9A]
6506 LVI'T 6T€1 80T S6 190°8 S00T 96T1 909T $6 93eIusdidg uoreINpa ewo[dIp yim SISNIOM JO areyS did
juowAo[dwa 18103 woiy
LLOS 9PT'0 800'T 8SH'T S6 60S'S +90°T 0760 86L'T $6 9TeIuodIdd [9A9] UOHEINPI 901D YA SISNIOM JO oTeyS DHA
8T8'L V9T'S- 86C°C 9¢0°0- S6 TIOY 8619~ LSI'T L9Y0O- S6 000N JUSUNSIAU] USIAIO] BUIYD a4
6861 vESTL €SL'T 00€91 S6 699°0C CCl'el €L9°1 TI¥LI S6 000. N JUSUNSIAU] USIAIO] SN tad
L1661 TIT'IT 87S'T 666'S1 S6 8S¥'8I 9¢¢¥Il CTIO'T 0T891 S6 000N JUSURSIAU] UIDI0 ] UBMIE], 1aa
Ansnpuj A30[0uy99)-M0] Ansnpuj A30[0ut[o9], MOT-WNIPIN ) SO[qEBLIBA JO UONIUYI( SO[qBLIBA

83



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

S0[ JeInjeu ojur PAWLIOJSURI) I8 SI[QRLIBA [ -2JON

000'T 119°0 0SS0 OIL0 6SL'0 8TE0- #8T0 6£€0 090 <CITO 0610~ LETO €¥C0 0SFO LITO 8SI'0- #1000 €200 80€0 +TE0 101
000 T $LS'0 1990 8650 SOI'0 661°0- 0S1°0- TLZTO 8bT0 0010~ €I1S0 9100 6TS0 S8TO0 #1000 991°0 €I1°0- €9€°0 €I£0 1aa
000'T 91S0 9870 810 SLI0- #S0°0- 66T0 60€0 $91°0- TEO'O S8I'0 OI¥0 S61°0 [I1T0- 6T€0- SSE0- LS90 LSLO Sd
000'T  L9L'0 SE0'0 L9T0- €01°0- SSTO 69T0 8EI°0- IS0 €900 €Tv'0 +¥ITO 0010~ 8S1°0 6000~ T6EO SIE0 aq

000°'T 881°0- 600°0- ¥SO'0 €I€0 90€0 TIT0- €5€0 0T00 0SY'0  €61°0 0S0°0- 10 101°0- €70 96T0  NIVYL

000'T LE8°0- LI80- 1000 8200~ +00°0- LTI'0 9TI'0- T60'0  L0OO'0- €900 SOT'0 CTIT0- #+0°0 18070 HOW

0007 8860 €TI0 €TI0~ €S0°0- S80°0- €400 8€0°0- 0010~ 680°0- LSOO~ 8€0°0 68070 8L00- dia

000'T TLI'0 €600 TLOO- $90°0- 0v0'0 8100 1600~ TII'0- T600- 0£0°0- 900°0- #€0°0 [a%aret

000'T 6970 ¥60°0- SETO 901°0- €180 TSTO 0TI'0- 0910 8LI'0- ¥SI°0 08T0 rad

000'T LFO'O T60°0 8800~ 9SE0 L6S0O €200 LIOO- €S1°0- LTOO I¥1°0 1ag

000'T LI00 #bI°0- 8TTO- 9000~ +0L°0 T8I0 961°0 1£0°0- 01T0- 1ad

000'T €L1°0- 98C0 0010 <TLOO 0S9°0 T900 8SI0- 6070 ‘lag

0007 101°0- 610°0- 911°0- TEI'0- 8LSO LOTO 6S1°0 "Taa

000'T  16€0 0L0°0- T80'0 0bT0O- 00€0 €0E0 BCILE

0001 1600 SY0'0 TEO0 O0FO0 €500  "dINA

0001 8LZO €9T0 I€I'0- 1STO-  “dNHE

000'T 90€0 LOVO- ¥9¥'0-  SANH

0001 OvE0- 16€0- ang

000 T +89°0 g

000°T d1

10l 1ad Sd Q¥ NIVML a0 dIid 5dd 1ad ~1dd  '1dd  1dd 14 dNd T dNd dNA SINA [dINA T dT SOqeLIBA

ALaysnpuy £30]0uy23[-MOT-WNIPIJN Y] Ul SISAIPUY UO1ID]2.4100) ILUIJ

19 xipuaddy

84



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

S0 [eIn)eU 0JUT PAULIOJSURI) QT SI[QRLIBA [[V 210N

00T 1190 0550 0IL0 6SL°0 STE0- ¥8TO 6£€0 09€0 TITO 061°0- LETO €40 0OSF0 LITO 8ST'0- +I00 €200 80€0 +I€0 LOI
0007 $LSO 1990 8650 SOT'0 661°0- OSI'0- TLZO S¥TO 001'0- €IS0 9100 650 SSTO ¥I00 9910 €110~ €9€0 €I€0 1aa
0001 9IS0  98%'0 SEI'0 SLI'0- ¥S0°0- 6620 GOCO S9T'0- TEOO SSI'0  OIF0 S6I0  11T0- 6TE0-  SSE0- LSO LSL'O Sd
0001 L9L'0 SE0'0 LOI'0- €0I°0- SSTO 69T0 SEI0- ISE0 €900 €2v0  FITO 001°0- 8SI'0  6500- T6E0 SIE0O a

0001 88T°0- 600°0- ¥SO'0 €I€0 90€0 TIT0- €S€0 0200 0SF0 €610 0S00- +PI'0 1010~ €20 9620  NIVIL

0001 L€8°0- LISO- 1000 8200~ $000- LZI'0 9TI'0- TG00  LOOO- €900 SOT'0  TIT'O- +H00 18070 FOW

0001 88L0 €TI0 €TI'0- €S0°0- S80°0- €400 8€0°0- 00I'0- 680°0- LSOO~ S8E00  680°0- 8LO0- dia

0001 TLT'0 €60°0- TLOO- #90°0- 0¥0'0 8100 160°0- CTIT0- TG00~ 000~ 900°0- +€0°0 0aa

0007 6970 ¥60°0- SETO 90T°0- €IL0 TSTO 0TI'0- 0910 SLI'0- $ST'0  0STO ’1ad

0001  LPO'O TE00 8800~ 9SE0  L6S0 €200  LI0O- €SI'0- LTOO 1410 lad

0007 LIO0 PI'0- 8TTO- 900°0- +0L'0 TSI'0 9610 I1€0°0- 010 “Tad

0007 €L1°0- 98T°0 0010 TLOO 0S90 2900 S8SI'0- $60°0- *1ad

0007 T0T'0- 61070 OTI'0- TEI'0- 8LSO LOTO 6ST'0 Tag

0007 16€0 0L00- TLOO  OPTO- 00€0 €0€0  “dNA

0007 1600 SKO'0  TEO0 0FO'0 €500  dINA

0007 8LTO €970 I€T0- 1STO-  ‘dwA

0007  90€0 LOYO- ¥O¥0-  SANA

0007 O¥E0- 16€0- NG

0007 +89°0 ™

000'T d1

I jga s4 @y NIVML HON  dId Ddd 1dd S1dd 1dd lad 1ad CdAE CdAE TINE SAN [dNE T dT SelqeneA

Aysnpuy £30j0uyd91-MOT Y]

7d xipuaddy

ui SISAIPUY UOyD]2.4.100) LI

85



Malaysian Management Journal, 26 (July) 2022, pp: 55-86

APPENDIX C

Ordinary Least Square (OLS) by Industry Classification, 2000-2019

Variables Medium-Low Low-Technology
Technology Industry Industry
KL 0.204(0.105)* -0.078(0.135)
EMP, 0.0027(0.044) -0.093(0.051)*
EMPs -0.060(0.034)* 0.139(0.064)**
EMP_ 0.0412(0.052) 0.037(0.055)
EMP 0.027(0.029) 0.197(0.061)***
EMP,_ -0.068(0.054) 0.079(0.066)
FDI, 0.003(0.034) -0.055(0.029)*
FDI 0.051(0.039) 0.092(0.057)*
FDI, -0.066(0.049) -0.042(0.036)
FDI -0.002(0.025) 0.714(0.032)
FDI,. 0.051(0.029) -0.051 (0.022)
DEG 0.475 (0.405) 0.391(0.272)
DIP -0.344 (0.205) -0.393(0.187)**
MCE -0.016(0.189) -0.146(0.213)
TRAIN 0.0436(0.139) 0.087(0.089)
RD -0.015(0.075) 0.186(0.063)***
FS 0.260(0.127)** -0.317(0.160)*
DDI -0.043(0.082) -0.064(0.071)
ICT -0.054 (0.016) 0.302(0.093)***
Constant 9.431(2.356)*** 10.842(2.043)***
Breusch and Pagan
Lagrangian multiplier test 27.99 16.11
Prob>chi2 0.084 0.658
Observations 95 95
R-squared 0.771 0.866

Notes: All variables are transformed into natural log. Huber/white robust standard
errors are in parentheses.

* p<0.05; ** p<0.] ***p<0
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